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Abstract

In this paper we analyze the performance of single stream and multi-stream spatial multiplexing (SM)
systems employing opportunistic scheduling in the presence of interference. In the proposed downlink
framework, every active user reports the post-processing signal-to-interference-plus-noise-power-ratio (post-
SINR) or the receiver specific mutual information (MI) to its own transmitter using a feedback channel.
The combination of scheduling and multi-antenna receiver processing leads to substantial interference
suppression gain. Specifically, we show that opportunistic scheduling exploits spatial interference alignment
(SIA) property inherent to a multi-user system for effective interference mitigation. We obtain bounds for
the outage probability and the sum outage capacity for single stream and multi stream SM employing real
or complex encoding for a symmetric interference channel model.

The techniques considered in this paper are optimal in different operating regimes. We show that the sum
outage capacity can be maximized by reducing the SM rate to a value less than the maximum allowed value.
The optimum SM rate depends on the number of interferers and the number of available active users. In
particular, we show that the generalized multi-user SM (MU SM) method employing real-valued encoding
provides a performance that is either comparable, or significantly higher than that of MU SM employing
complex encoding. A combination of analysis and simulation is used to describe the trade-off between the

multiplexing rate and sum outage capacity for different antenna configurations.

I. INTRODUCTION

Interference alignment (IA) [1]- [5] techniques have been proposed as a means to achieve the optimum
degrees-of-freedom (DOF) of an interference channel. This technique relies on symbol extension over

multiple time/frequency epochs, together with channel state feedback for precoding. Even for the simple



case of K = 3 transmitters, optimal DOF can only be attained by expanding the symbol set over infinitely
large number of time/frequency epochs. Approaching DOF with limited symbol set still remains an open

problem.

Non-circular signals play an important role in increasing the capacity of interference channels. Recently, [6]
has shown that non-circular signals offer higher DOF compared to conventionally used circularly symmetric
signals. Based on this result, [7] proposed asymmetric complex-valued signaling together with multi-user
diversity (MUD) [8], [9] to obtain 1.5 DOF for K = 3 transmitter case. This method relies on transmitter
precoding and MUD to obtain the required gains. In [4], conditions for satisfying IA solutions are derived
for K-user MIMO interference channel. This method requires global channel state information at the
transmitter for enabling interference mitigation at the receiver. Additionally, [10] considered non-circular
complex Gaussian signaling with two users where real-valued signaling is shown to provide optimum sum

rate.

In [11], an opportunistic interference nulling (OIN) method is proposed for the uplink with K base stations
(BSs) each with M antennas, and M single antenna users simultaneously communicating with their own
BSs. In this method, each BS opportunistically selects a set of users who generate the minimum interference
to the other BSs. It is shown that K M DOFs are achievable under the OIN protocol, if the total number of

K-1)M

active users in a BS scales at least as SN R( where SN R is the operating signal-to-noise power ratio.

This work is further generalized in [12] for the case of user having N antennas. It is shown that a singular
value decomposition (SVD)-based OIN method can reduce the required users to SNRE-DM-N+1 py

optimizing weight vectors at each user.

In this paper, we consider K transmitter downlink interference channel in which all the transmitters employ
spatial multiplexing (SM) [13]-[17] using IV; antennas. Each transmitter simultaneously serves a group of
Ny users that are selected from a pool of L active users. We consider two transmission formats employing
either complex or real encoding. Performance analysis is carried out for each case independently. Every
user in the system is assumed to have N, receiver antennas. Our analysis is general and encompasses the
special case of single antenna at the transmitter and receiver. In the considered framework, every active
user periodically reports the post-processing signal-to-interference-plus-noise-power-ratio (post-SINR) of
the receiver to the serving transmitter. We consider a particular approach where interference is mitigated in

two stages. In the first stage, the receiver exploits multiple receiver antennas to suppress a portion of the



interference. In the second stage, an opportunistic scheduler selects a group of users with highest sum rate
so that the scheduled users become nearly free of interference. We provide analytical results quantifying
the interference suppression gain and outage capacity using a successive max-SINR scheduler. To this
end, we consider a symmetric interference channel (SIC) model where the power level of the dominant
interferers are assumed to be equal while the weak interference is treated as additive white Gaussian noise

(AWGN); this assumption is also used in [11], [12] to study DOF in interference limited networks.

We analyze the performance for the following operational scenarios: a) Single stream transmission (SST)
with complex-valued encoding b) MU SM with complex-valued encoding c) SST with real-value encoding
and its generalization to MU SM employing real-valued encoding. The analysis is first carried out for the
SST modes employing either complex or real encoding and these results are further generalized to MU

SM cases.

In section II, first we analyze the performance of SST technique with max-SINR scheduling. We show
that opportunistic scheduling exploits spatial interference alignment (SIA) property inherent to a multi-
user system for effective interference mitigation. More specifically, we show that the post-SINR of the
scheduled user employing multiple antenna minimum-means-square-estimation (MMSE) receiver reaches
a high value when the interference covariance matrix (ICM) of the scheduled user becomes nearly rank
deficient. This condition generally occurs when the scheduler selects a particular user whose interfering
channel vectors tend to become linearly dependent. This phenomenon is referred to as SIA. We obtain a
tight bound for the outage probability and the sum outage capacity which shows that we get a sum outage
capacity of K log(1+ SN R) bits/sec/Hz when the number of active users L is proportional to SN R¥~Nr,
In section III, the analysis for SST with complex-encoding is further generalized to the general case of
MU SM employing complex encoding. Using a sub-optimal successive max-SINR scheduling algorithm,

we show that a sum outage capacity of K N;log(1 + SNR) can be obtained when L oc SN REN:=Nr,

In section IV, we propose a transmission method which is suitable for systems with limited antennas
(including the single antenna case) and a large number of interferers. In the proposed system model, all
the transmitters in the network transmit a single data stream using real-valued modulation alphabets. The
receiver at each user collects the real and imaginary parts of the multi-antenna receiver to obtain a virtual
antenna array of size 2N,.. The receiver further filters the real and imaginary parts of the received signal

using a widely linear (WL) MMSE filter [18]- [21] for data detection. We show that this method offers



a sum outage capacity of % log(l + SNR) when L « SN R ~Nr_ This result is further generalized
to MU SM employing real-encoding. We show that by spatial multiplexing ¢ real-valued data streams
using t antennas, we get a sum outage capacity of tK log(1 + SNR) when L SNR*=—Nr. While
complex-valued MU SM offers a SM rate of R = N; where NV, takes integer values, real-valued MU SM
gives fractional multiplexing rates of R = % which take values in steps of 0.5. The real-valued encoder
can be viewed as a generalized SM encoder. Using t = 2N;, we get the same user scaling results as that

of complex-valued encoding. Numerical results are given in section V where we illustrate the trade-off

between the SM rate and achievable capacity. Finally, conclusions are drawn in section VI.

II. SYSTEM MODEL FOR SINGLE STREAM TRANSMISSION

We consider K single antenna transmitters each with L single antenna active users. All transmitters
simultaneously send a single complex-valued data stream to one of the L users. The baseband received

signal for the user with index [ that is served by a given transmitter is represented as
yl(k) = \/ghll'l Z Ivg;, lfL'” )—l—nl(k), l=1,2,..,L (1)

where k denotes discrete time index, S is the signal power, and Iy denotes the power level of each
individual interferer. The desired and interfering signal channel vectors h; and g;; for each ¢ are modeled
as multivariate circularly symmetric complex Gaussian random vectors having independent, identically
distributed (i.i.d.) elements with E[h;] = E[g;,] = 0 and E[hlhj] = E[giylg;l] = I, where E denotes
the expectation operation and I denotes the identity matrix. The noise term n; is modeled as a circularly
symmetric complex Gaussian noise vector composed of i.i.d. elements with zero-mean and variance % per
dimension. The operating signal-to-noise power ratio (SNR) is defined as: SN R = Nio The complex-valued
modulation sequences z;(k) and z;;(k) are assumed to be i.i.d. circularly symmetric complex Gaussian

random variables (r.v’s) with zero-mean, unit variance, and statistically independent of each other.

A. Max-SINR Scheduling based on Post-processing SINR of MMSE

The MMSE receiver weighs and combines the N, copies of the received signal samples using an un-biased

MMSE filter [22] w; to produce a decision variable z;(k) = w;y;(k), where w; = \/ghglf{fl and

K-1

T
(Z Togi i (k) +ny(k ) (Z Togi i )+nl(k)> = ZIOgi,lg;r,l'i_NOI

i=1
denotes the short-term noise-plus interference covariance matrix (NICM). The SINR at the output of the

MMSE receiver is given by: v; = Sh;flf{l_lhl. Let R; = ZZK:? Iogiylg;f ; be the interference covariance

matrix (ICM) and the symbol { denotes conjugate-transpose operation.



In the proposed scheduling policy, each transmitter allocates the entire available bandwidth to the user with
highest reported instantaneous post-SINR. The transmitter serves the user with index {* with maximum
reported post-SINR i.e.,y;» = max (91,72, --,yr,). The transmitter selects a suitable modulation and coding
technique and transmits to the scheduled user at a rate I = log(1++;+)! where the logarithm is taken with
respect to base 2. We introduce a metric called transmitter outage probability (TOP) which is defined as:
P,y = P(I <log(1l+ f)) where log(1 + j3) is the target outage capacity of the transmitter and
is a target SNR which is distinct from the operating SNR.

Further, the TOP can be expressed in alternative form as: P,,c = P(max (y1,72,.,7r) < ). To simplify
the analysis, we express the post-SINR in an alternative form. Let r; denote the rank of ICM. Then R; has
exactly r; positive ordered eigenvalues represented in vector form: A\; = [A;1, A2, ., Airy ] (M1 > A2 >
.. > A;,,), and the remaining N, —r; eigenvalues are identically equal to zero. Therefore, the eigenvalues of
f{l can be expressed as: /A\lm = N p+No, for p=1,..,r and /A\lm = Ny, for p=r;+1,.., N,. The rank
of ICM can be expressed as: r; = min(N,, K — 1). Next, the matrix f{l is expressed as: f{l = U}LJA\Z_IUZ
where Al =diag 5\1,1, 5\1,2, . Xl,NT} is a diagonal matrix of size N, x N, and U represents a unitary

matrix. Using this, the post-SINR can be expressed as

T 2 N 2
A— wip| |wipl
= SwhA! :SE'%” S > = 1=12,.,L 2
" Wi Wi )\lp+N0+ NO’ 5 Ly ooy ()
p=1 " p=ri+1
where w; = [wlyl,wl_rg, --7wl,N,~]T = Ulhl.

When the number of interferers (X — 1) is less than NNV,, the ICM becomes rank deficient. As Ny — 0,
the post-SINR scales inversely with Ny for all users in the system. In the high SNR limit, the MMSE
receiver suppresses all K — 1 interferers as long as ' — 1 < N,. In the opposite case, for K —1 > N,,
the ICM has full rank. In this case the post-SINR is dictated by the instantaneous eigenvalues of the
ICM. Though MMSE receiver by itself cannot provide full interference suppression all the time, it leads
to additional interference suppression gain when an opportunistic scheduler selectively schedules a user
with maximum instantaneous post-SINR. In the following, we consider performance analysis for the case
when K — 1 > N, which is of interest to us. In the case of K — 1 < N,., the MMSE receiver provides
full interference suppression leading to noise limited case, while the max-SINR scheduler provides further

multi-user diversity gain. In [9], it has been shown that the capacity increases as In(L)log(1 + SNR).

N, |Wl,p‘2
p=1 X\ p+No

For the case of K — 1 > N,, the post-SINR can be expressed as: v, = S . The summation

Use of capacity achieving codes with large block lengths is assumed here.



is typically dominated by the last term corresponding to the minimum eigenvalue i.e.,

o, |2

. 3
AN, + No ©)

o=

For most channel realizations, the ICM generally has full rank i.e., the interfering channel vectors are
linearly independent for most users. However, the ICM becomes rank deficient i.e., \; y. = 0 when a
subset of interference channel vectors (ICV) align to a common direction or, more generally the interference
channel vectors (ICV) become linearly dependent. We refer to this phenomenon as spatial interference
alignment (SIA). When the number of active users is very high, each transmitter is likely to encounter
a few users that have rank deficient ICM. Since the channels take values from a continuous probability
distribution, the probability of a small set of discrete events wherein a subset of ICV becoming linearly
dependent is zero. However, in practice, it is not necessary to meet the rank deficient criterion strictly to
achieve high capacity. What is more important is that the minimum eigenvalue takes a value smaller than
noise power level i.e., \; n, < Ny. Alternatively, if \; n, = € where ¢ < Ny and Ng — 0, we term this

condition as e spatial interference alignment or simply spatial interference alignment.

Connectionsto Explicit Interference Alignment: Ref [1] uses symbol extension and applies a set of weights
on the repeated symbols such that the interference channel vectors are aligned at the receiver. A ZF or
MMSE receiver exploits the IA property for signal separation. Explicit IA requires the users to feedback
exact value of signal and interference channel vectors. However, the framework proposed here requires
significantly reduced feedback in the form of post-SINR. Our approach relies on the fact that one user
selected from a large pool obeys e SIA with high probability. Essentially, we rely on multi-user diversity

to provide required interference mitigation.

Next, we obtain a closed-form expression for the TOP using the lower bound (3) on post-SINR, which leads
to an upper-bound (UB) on the TOP. If we assume that each user reports the lower bound (LB) on SINR
given by (3) instead of the actual SINR, the TOP is upper-bounded as: Pyt yg = P(max (31, Y2, ., Y1) <
B) where 7; = SM Since 7; are i.i.d. r.v’s, the TOP-UB is expressed as

AN, +No*
Poue,us = F2(8) 0
where F(8) = P(¥ < ) and,
T
F(3) = P (Sm < ﬁ) s)



where A\, = A n, denotes the minimum eigenvalue (MEV) and we omit the dependency on [ for notational
simplicity. Let = |w; n,|? be the N,th element of the vector w;. The projection of a zero-mean i.i.d.
complex Gaussian random vector on to an unitary matrix gives another r.v. with zero-mean i.i.d. complex
Gaussian distribution. Therefore, the vector w; = U;h; has same distribution as h;. As a consequence,
the r.v. = has exponential distribution: p(z) = e~*, x > 0 with cumulative distribution function (cdf):
plx<a)=1—e"% a>0.

Recall that the ICM is defined as: R; = ZZK:;I Iogi, gz ; Where g; ; is a zero-mean i.i.d. complex Gaussian
vector with covariance I. This matrix is called complex central Wishart matrix [23], [24] and its distribution
is denoted by CW,, (n, IoI)), n > m where m = min(N,, K — 1) and n = max(N,, K — 1). Since we
are considering the specific case of K — 1 > N,., we have: m = N,., n = K — 1. The joint probability
density function (pdf) of ordered eigenvalues A\; > Ao > .. > A, > 0 is given in [25]-[28]. Using this,
the pdf of minimum eigenvalue can be evaluated. The evaluation is straightforward for small values of

N,, K — 1 and it gets tedious for large values. However, closed-form expression for this pdf is available

in polynomial form as [23], [29], [30]

1 —mAm Ko )\m k
pow) =B 3 alt) (32) ©
0

where elements of a(k) can be obtained using either the mathematica program given in the Appendix of
[23] or the closed-form expression given in [25]. Table I provides the values for certain combinations of
(n,m). Here, kg = K — N, — 1 and K| is equal to the number of non-zero elements of the vector a(k).
For the special case of N,, = K — 1 where the number of interferers is equal to the antenna array size,

A has exponential distribution

with mean E(\,,,) = ]{,—OT In this case, the pdf has its peak at A,,, = 0 which implies that P(0 < A,,, < Np)
is significantly high for small values of Nj. It also implies that when the number of active users L is
sufficiently large, the scheduled user with NN, receiver antennas can fully reject N, interferers. The exact
number of users required to meet this condition depends on the € SIA probability P(0 < A, < Ny). Note
that this probability decreases quickly for K — 1 > N,, since the pdf expression given in (6) vanishes at
Am = 0 for K — 1 > N,.. Therefore, the number of active users required to fulfill this condition will be
very large when K — 1 — N, takes high values. The exact number of users required for achieving full
interference suppression is determined by evaluating the TOP in closed-form. We carry out this exercise

for the general case involving N, antennas and K — 1 interferers.



1) TOP Evaluation: First, we begin with (5)
K

A L e B D DL L W)

k41"
m=0 s k=ko (ﬂ—é{” + m)

L
The UB on TOP is: Poyc ys = [1 I ko %] . Alternatively, the number of active
SoTm

users required to meet a given TOP is given by

hl(Pout,UB)

k=ko (%+m)k+1

L =

} . )

. . BN _ Blo )T
For large values of '(3—5{0 +m, L is approximated as: L ~ ¢ s 1n(PouLUB)MW where we use the

approximation: In(1 — ) &~ —x and retain only the first term in the summation. When 5—? + m is large

K—N,
) . The interference-to-noise

K—N,
andwhen%Zm,Loc(B—éo) .Ifweletﬁ:Nio,Loc(]{]—%
power ratio is a key parameter that dictates the user requirement. For S = Iy, we have: L oc SN RE—Nr,
Thus, each transmitter provides an outage capacity of log(1 + ) with TOP Py, ys. The sum of outage

capacities of all K transmitter is given by

C(sum.,Complex = Klog(l + ﬂ) (9)

This holds as long as L satisfies (8). Thus, the proposed framework enables the transmitter to schedule a
user who is nearly free of interference when the number of active users L satisfies the stated requirement.
It is important to note that the sum outage capacity grows linearly with the number of transmitters even
in the case of single receiver antenna. Multiple receiver antennas play an important role here mainly in

reducing the user requirement.

III. MULTI-USER SPATIAL MULTIPLEXING

Next, we consider a generalized system model with K transmitters each with N; transmit antennas. In
every scheduling epoch, every transmitter serves N, users simultaneously with single data stream allocated
per user. Throughout this paper we assume that L > N,. The baseband received signal for the user with

index [ that is served by a given transmitter is represented as

K-1
S T
yi(k) = 1/ﬁtﬂlx(k;) +y 1/ﬁotc;im(k) +my(k), [1=1,2,.L (10)
=1

The total signal power is equally divided among the N, data streams. Here, H; and G;; are modeled as
multivariate circularly symmetric complex Gaussian random matrices having i.i.d. elements with E[H;] =

E[G;,] = 0 and E[H,H]] = E[G;,G],] = L The modulation vectors x(k) = [z1 (k), z2(k), .., 2, (k)]

and x;(k) = [z, (k), z;2(k), .., z; N, (k)] are assumed to be complex-valued vectors whose elements are



ii.d. complex Gaussian random variables with zero mean, and unit variance, respectively.

In the proposed framework each user is restricted to receive a single complex-valued data stream from
its transmitter. Therefore, every user can potentially receive data from any one of NV; antennas of its own
transmitter. We further propose that each user reports the post processing SINR of an MMSE receiver
corresponding to all the N, data streams back to the transmitter. Let ¢ denote the index of the antenna
through which the data is transmitted for a particular user. This index is referred to as the stream index
(SI). Considering the symmetric channel with S = Iy = 1, the signal model for detecting ith data stream

can be represented as

K—1
1 .
yl(k)z,/ﬁt hiwi(k)  + > hjai(k) + > Gixi(k) +mny(k), i=1,2,.,N; (11)
e i i=1

Self interference Other cell interference

Desired Signal

where h,,; is the channel vector of pth data stream with length N, x 1. In detecting ith data stream, the
remaining N; — 1 data streams transmitted by its own transmitter appear as self-interference, in addition
to other cell interference contributed by the (K — 1)N; data streams transmitted by the K — 1 co-channel
transmitters. Thus a total of KNy — 1 data streams cause interference to the desired signal. The user

determines the post-processing SINR of an MMSE receiver for the ¢th data stream as
viu=hl R 'hiy, i=12N, (12)

where R;; = > hj_,lh;)l + ZZK:;l Gi_,lG;f)l + N¢NolI is the total noise-plus-interference covariance

J#i
matrix. We are particularly interested in the case when the ICM has full rank. This happens when K N;—1 >
N, i.e., the number of interfering data streams is greater than or equal to the receiver antenna array size.
The user scaling rules for the MU SM can be obtained by extending the user scaling results obtained for
the case of SST with complex-valued encoding. Using a sub-optimum sequential max-SINR scheduler that

is described in Appendix A, the sum of outage capacities of all N, streams for all K transmitters is shown

to be
Csum, o su = KN log(1+ ) (13)

with each stream meeting the outage probability constraint given in (18). For large values of 5 + m, and

KN¢—Np . . . .
when L >> Ny, L ~ eNeNoIn( Po_ult,us)%' For, 3 = N%)’ using suitable approximations we

can show that the number of active users required to meet certain target per stream outage probability is

l%KYVt—

proportional to SN N To achieve interference free performance, SM requires a significantly higher

number of active users. In the following we propose a real-valued transmission scheme that reduces the



user requirement. First, we analyze the performance of this method for the case of SST followed by a

generalization to the case of MU SM employing real-valued encoding.

IV. SST wiTH REAL-VALUED ENCODING

In the proposed system model, all the transmitters in the network transmit a single data stream using
real-valued modulation alphabets. The receiver at each user collects the real and imaginary parts of the
multi-antenna receiver to obtain a virtual antenna array of size 2N,. The receiver filters the real and
imaginary parts of the received signal using a WL MMSE filter for data detection. The post-processing
SINR of the receiver is reported back to the transmitter using a feedback channel. Scheduling and MCS
allocation is done based on the post-SINR of the WL MMSE. We evaluate the TOP for this type of

encoding. First, we begin with the system model for transmission of real-valued modulation symbols
K-1
yi(k) = VShzi(k) + Y VIogiizii (k) + ni(k), (14)
i=1

where Z;(k) and Z,;(k) are real-valued modulation alphabets of the desired signal and interference,
respectively. The baseband receiver collects the real and imaginary parts of the complex-valued received

signal for each antenna branch and collects the observations in a vector-format as: y;(k) = v/Shz; (k) +

K—1 - . L real(x) '
Y1 V1ogiiTi (k) + ny(k), where the notation X = denotes a vector with real and

imag(x)

imaginary parts stacked in a column vector format. Here, hy, gi contain the real and imaginary parts
of the desired and interfering channels, respectively, and n;(k) contains the real and imaginary parts of
the noise samples. Since the individual elements of the complex-valued channel vectors h; are assumed
to be i.i.d. circular complex Gaussian random variables, the real and imaginary parts of h; are also zero-
mean, i.i.d. Gaussian. Therefore, fll ~ N(0, %I), where the notation denotes a multivariate real Gaussian
distribution with zero-mean and variance 1. Similarly, g;; ~ N(0, $I) for i = 1,2,.., K — 1. The real-
valued modulation sequences Z;(k) and Z; ;(k), for each 4, are assumed to be i.i.d. real Gaussian random
variables with zero-mean, unit variance, and statistically independent of each other.

Capacity scaling laws for real-encoding: Using the results of Appendix B, the sum of outage capacities

of K transmitters employing real-valued encoding is given by

K
C(sum.,Real = ? log(l + ﬂ) (15)

K _N,
This result hold when: L (% + m) : . For g = N%, for S = Iy and when % > m, we have:
L oc SNR= N, Compared to SST with complex-valued encoding, the proposed real encoder requires

significantly less number of users. The user reduction is achieved at the expense of a pre-log rate reduction

10



by a factor of % Numerical and simulation comparison shows that these two methods are optimal in

different operating regimes.

A. Generalized MU SM with real-encoding

The results for SST with real-valued encoding can be generalized to MU employing real-valued encoding.
Following the analysis for the case of MU SM with complex-valued encoding, it can be shown that by

spatial multiplexing ¢ real-valued data streams using ¢ antennas, we get a sum outage capacity of

tK
C(sum, real MU SM — 7 log(l + ﬂ) (16)

when the number of active users L B%_N . The proof follows the same line of arguments used in the
case of SM employing complex-valued encoding using a sequential max-SINR scheduler. While complex-
valued MU SM offers a SM rate of R = N; where N; takes integer values, real-valued MU SM gives
fractional multiplexing rates of R = % which take values in steps of 0.5. The real-valued encoder can
be viewed as a generalized SM encoder. Using ¢t = 2/N;, we get the same user scaling results as that of
complex-valued encoding. However, real encoding offer a wider range of multiplexing rates and therefore
offers a finer trade-off between outage capacity and the number of active users. Simulation shows that use
of real-valued encoding offers a performance that is either comparable to complex encoding or exceeds by
a significant margin. Detailed results are given in section V.

SA feasibility in non-Rayleigh fading channels: We remark here that though we analyze the system
performance for the important case of i.i.d. Rayleigh fading channels, the SIA gains can be obtained in
channels with arbitrary type of fading as long as the interference channel vectors exhibit linear dependency.
In channels with full magnitude correlation between receiver antenna branches, the STA phenomenon occurs
as long as the phase vectors of the channel takes random values. In case of Rician channels, the channel
has a line-of-sight (LOS) term and a Rayleigh fading component. The SIA feasibility in case of LOS
channels needs careful attention. When the signal and interference channel have strictly LOS component,
then: a) individual interferers often arrive at different angles b) inter-antenna spacing causes a phase
difference among the channel states of different antennas, and these phase differences take distinct values
for different interferers arriving at different angles. Essentially, any two interference channel vectors become
linearly independent as long as their angles of arrival are sufficiently distinct. Therefore, the probability
of occurrence of SIA increases if the signal and interferers always arrive at distinct angles. One needs to
carefully study the performance of opportunistic scheduling for Rician case using more complex channel

models.

In case of real encoding, the channel vector contains the real and imaginary parts of the complex-valued

11



channel. Consider the special case of single receiver antenna. The channel gain between a given transmitter
receiver pair almost always takes complex-values independent of whether the channel has LOS, Rayleigh,
or Rician distribution. Even in the case of LOS channel, the phase angles of channels of signal and
interferers are statistically independent. Consequently, the interference channel vectors (that contain real
and imaginary parts of a complex scalar) take values such that SIA occurs with high probability when the
number of users is sufficiently large. However, for the case of real-encoding with multiple antennas, the full
benefit can be realized when channel phase states are statistically independent among antenna branches,

and among interferers.

V. RESULTS AND DISCUSSION
A. Comparison of SST with real and complex encoding

Throughout the rest of the section, we assume that S = Iy = 1. The target SNR (/) is denoted as: SN R;.
In Fig 2, the analytically obtained TOP results are compared with simulation results for the case of complex
encoding. The legend exact UB refers the exact TOP UB and approx refers to the various approximations
used in arriving at a closed-form expression for the TOP. Fig 2 shows that the UB on TOP is extremely
tight for complex-valued encoding. Fig 3 shows that the UB on TOP given by (31) in Appendix B 2
for real-valued encoding deviates slightly for low values of SNR however it becomes a tight bound for
moderate to high SNR values. Additionally, the Q-function based approximation given in Appendix B 4
is fairly accurate for even values of K for real-valued signaling case. In Fig 4, it is shown that the TOP
approximations given in Appendix B 5.1 for real-valued encoding are tight for K = 2N, + 1.

In Fig 5, we plot sum outage capacity as a function of number of active users for the case of N, = 2. We
consider the important case where the number of interferers either equals or exceeds the receiver array size.
Results show that real-valued encoding with K = 5 provides a significantly higher sum outage capacity
compared to other feasible configurations involving real/complex encoding.

Next, we discuss the mean sum capacities of proposed techniques. The results are obtained using simulation
where results are averaged over 1000 channel realizations.

Fig 6, show the results with single receiver antenna for L=10. The performance is quite remarkable
since we are able to get fairly high capacities using a single receiver antenna. Complex-valued signaling
outperforms real-valued signaling in low to medium SNR range. At high SNR, real-valued signaling
performs significantly better as mean sum capacities of complex-valued signaling reach saturation.

Fig 7 shows results for two receiver antenna case for L = 50. For real-valued signaling, mean sum capacity

grows linearly with SNR when K < 5. For K = 3, complex-valued signaling shows near linear growth
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and this mode outperforms real-valued signaling. However, for K > 3, the gain of real-valued signaling
over complex-modulation is substantially high. In Tables II and III, the mean sum capacity results for real
and complex-valued encoding methods are tabulated for the case of N,, = 1 and N,. = 2, respectively. In

each column, the method with highest mean sum capacity is highlighted.

B. Performance comparison between SST, SU and MU SM

In all the figures the SM rate is defined as: R = % for real encoding and R = N, for complex encoding.
Fig 8, shows results for N, = 2, L = 10 and K = 3. We see that SST with complex-valued encoding
outperforms 2-stream MU SM with complex encoding.
Fig 9 shows performance results for the case with N, = 4, 50 active users, and K = 2. Limiting to
2-streams using complex encoding gives better performance compared to the rest of the cases. However
with K = 3, results of Fig 10 shows that 3-stream MU SM with real encoding with a rate of R = 1.5
gives significant gain over the case of R = 2 which uses complex-valued encoding.
In Fig 11, we compare sum capacity results for NV, = 8, with K = 3, L = 100. For this case, a
rate of 2.5 or 3 outperforms all other modes. In particular, 5-stream MU SM with real encoding with
R = 2.5 outperforms 3-stream MU SM which employs complex-valued signaling at high SNR. However,
the performance for both cases is comparable in the medium SNR range. Also note that for a SM rate of
R =4, MU SM with real and complex encoding have comparable sum capacity.
Remarks
o We show that MU SM with real encoding offers a higher sum capacity compared complex encoding in
certain cases. This is accomplished by increasing the number streams/antennas at each transmitter. The
number of used antennas can be reduced further using a combination of real and complex encoding.
For example, let us assume that each transmitter transmits m complex-valued data streams using m
antennas, and N; — m real-valued data streams using the remaining N; — m antennas. Thus, the BS
serves t = 2m + Ny —m = N; + m users using /V; antennas. The total spatial multiplexing rate
for each transmitter is: R = Nf%, m takes values in the range [0, V;] where the extreme values

represent real only, or complex-only encoders. For m € [0, N;], we get multiplexing rates in the range

[& Ne+1

ot T, 21\/5_,—17 N¢] using a suitable mix of real and complex modulations. For example, to get

a SM rate of 2.5, real encoding uses 5 real-valued streams using /Ny = 5. For this mixed encoding
case, we use a total of 3 antennas where the first two antennas employ complex-valued encoding and
the third antenna employs real encoding. The total number of streams is 5 using 3 transmit antennas.

For this case, the receiver for each user uses WL-MMSE processing as in the case of real encoding.
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Simulation shows that this type of encoding provides a performance similar to the case of real only
encoding. Detailed results are not shown due to space limitations.

o In cellular networks IA is applicable where interference is high, that is for a cell edge user. For a
user at the edge of the cell, the distances from the active BS and the interfering BSs are comparable.
As the BSs are assumed to use equal transmit power, the interference power levels are approximately
equal. In this situation, SIC model is justified. This model is used in [7],[11],[12] as well.

o Recently, [31] presented a tractable approach to coverage and rate evaluation for MIMO cellular
networks using stochastic geometry methods [32]. Using ZF receivers, it is shown that that SM
degrades the rate for a notable percentage of users compared to single stream transmission. For the
case of two receiver antennas, the increase in mean rate of SM is shown to be modest compared to
SST, while SST is shown to provide a gain in rate for cell edge users. However, for higher antenna
configurations, reducing the SM rate to a value less than the maximum allowed rate is shown to offer
an overall increase in the system performance. In this paper, we observe a similar trend using a SIC
model when opportunistic scheduling is combined with MMSE interference suppression. Therefore, the
performance of the proposed encoding methods needs to be investigated further in both conventional

and Heterogeneous cellular networks employing opportunistic scheduling [33].

VI. CONCLUSIONS

This paper highlights the spatial interference alignment phenomenon that naturally occurs in multi-user
systems employing opportunistic scheduling. For the case of symmetric interference channel, closed-form
expressions for outage capacity and capacity scaling laws with number of users is obtained for a single

stream and multi-stream SM systems employing real or complex-encoding.

We show that SST methods employing real and complex-valued encoding methods have distinct sum
capacities and the two methods are optimal in different operating regimes. In an NN, receiver antenna
system employing SST with complex-encoding, use of opportunistic scheduling based on post-SINR of
MMSE receiver enables mitigation of more than N, —1 interferers. For K = N,.+1, the required number of
users scale linearly with SNR. For the case of real-encoding, mitigation of more than 2N, — 1 interferers
is feasible. Though SST with real-encoding reduces the peak rate by a factor of two, the overall sum
capacity exceeds that of complex-valued encoding in certain cases. For the special case of K = 2N, + 1,
the required number of users for real encoding scales with v/SN R where it provides a higher sum outage

capacity compared to complex encoding.
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We generalized the SST with complex/real encoding to MU SM case. The real/complex encoding with a

spatial multiplexing rate of R, we get a sum outage capacity of K Rlog(1+SNR) when L oc SN REF=N,

With N, antennas, R = % for real encoding and R = N, for complex encoding. We show that the
generalized MU SM encoder with real-valued modulation provides a performance that is either comparable,
or significantly higher than that of complex encoding. The additional gain owes to the fact that real-valued
MU SM offers a wider range of multiplexing rates and offers a finer trade-off between achievable capacity

and user requirement.

In systems with significant amount of interference, a reduction in SM rate is shown to have a beneficial
effect of increasing the overall sum capacity. With two receiver antennas at the user, SST mode employing
complex encoding and opportunistic scheduling outperforms SM. With four receiver antennas, reducing
the SM rate to either 1.5 or 2 is preferable over full rate transmission i.e, R = 4. The proposed encoding

methods can be used to improve the cell edge user rate in cellular systems.
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APPENDIX A

CAPACITY SCALING LAWS FOR MU MIMO USING SEQUENTIAL MAX-SINR SCHEDULER

Appendix A 1
Sequential Max-SINR Scheduler

In a given scheduling epoch, the transmitter determines a group of N, users from the available set of
L users that provides maximum sum capacity among all feasible groups. The computational complexity
of the search algorithm which determines the optimum group is quite large for large values of (L, Ny).
We propose a sub-optimum algorithm with low implementation complexity and good performance. In
the proposed method, the transmitter determines the user to be scheduled for each stream index using
a sequential max-SINR scheduler. More specifically, let Uy = {v11,71.2,..,71,} denote the channel
quality information (CQI) metrics reported by all L available users for the first stream index. For 7 = 1,
the scheduler first selects a user using the following rule: vy ;-(;) = max U; where *(1) is the index
of the user whose CQI is maximum. Let Uz = {721,722, ..,72,.} denote the CQI metrics reported by
all L available users for stream index 2. We determine the scheduling decision for SI ¢ = 2 using the
new set U which is obtained by excluding the CQI of the previously scheduled user from the set Us
ie., Uy = Uy — {72_,1*(1)}. The scheduler selects a user as vy «(2) = max Us. Generalizing in this
manner, we have: U; = {v; 1,72, ..,7,1} denote the CQI metrics reported by all L available users for ith
stream index. Let, U; = U; — {7,001, Y2, 2) 5 - V(i—1),1* (i—1) } - Note that the set U; contains L — (i — 1)
CQI metrics which are i.i.d. r.v’s. The size of this set is: |U;| = L — (i — 1). For ith SI, the scheduling
decision [*(¢) is obtained as Vi,ix () = max U;, i=1,2,..,N; Thus the transmitter selects N; users
using a sequential max-SINR scheduler, and transmits data to these users simultaneously, using a suitable
modulation and coding scheme (MCS). Each scheduled user is served at a rate I; = log(1 +94,1+(s))» Where
I; denotes the mutual information measured at the output of the MMSE receiver of the scheduled user
for ith SI. The outage probability for ith data stream is given by: Poue; = P(I; < log(1 + ;) where
log(1 4 ;) is the target outage capacity for ith steam. If we assume that the outage requirement for all

steams are equal, we set 3; = 3. The outage probability can be expressed in alternative form as:
Poue,i = P(vi- i) < B) 17

where ; ;- (;) is obtained by taking the maxima over L — (i — 1) CQI metrics which are i.i.d. r.v’s. An

expression of this form is encountered in single stream case. Using the outage probability results obtained
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in the SST case, the outage probability for ith data stream is upper-bounded as

- K 1 L—(i—1)
$ o a(k)k!
Pospe = |1—e PNl 3 ————u (18)
i ,g,; (8 +m)* |
- 1L
Ko
k)k!
~ |1 — e PNeNo Z % , for L> Nj. (19)
L k:EO (B + m) ]

where kg = K N; — N, — 1. This result indicates that, in the limiting case when the number of active
users is very large compared to the number of transmit antennas, each stream fully exploits the entire pool
of available users for scheduling. The number of active users required to meet a given per stream outage
probability is given by

I~ 1n(Pou1;;UB) (k)k' (20)
0 a !
In |1 — efNeNo Zk:Eo BT

Remark
If the successive max SINR scheduler uses the set U; for scheduling instead of U,, then the scheduler may

assign a variable number of streams to each user.

APPENDIX B

CAPACITY SCALING LAWS FOR REAL ENCODING

Appendix B 1
Max-SINR Scheduling based on Post-processing SINR of WL-MMSE

Although, the TOP analysis for real-encoding case exhibits certain similarities compared to complex case,
the performance differs in a significant manner. The following analysis exposes the key differences. In
this case, the receiver weighs and combines the real and imaginary parts of the multi-antenna received
signal samples using a WL MMSE filter w; to produce a decision variable z;(k) = w;y;(k), where
W, = VShjR; " and R, = 3./ Iogi.8], + 221 is the WL NICM. The SINR at the output of the
WL MMSE receiver is given by: 7; = Sfljf{flfll. Let 7; denote the rank of the WL ICM defined as:
R; = Zfi}l Iogi,lgj) ;- Following the approach for conventional case, the post-SINR can be expressed as:

Y = Slfl}ftflfll which simplifies to

3 SZ Sl g % Aol gy 1 @1
Y= T, No ) = 1,4,
p=1 Ap + 2 p=ri+1 No

where @; = [@y,1, @12, ..,LD[)QNT]TT is a real-valued vector that has same distribution as fll. When K —1 <
2N,, the WL ICM becomes rank deficient and therefore the receiver at each user can suppress up to

2N, — 1 interferers fully. In the opposite case when K — 1 > 2N,, the WL ICM has full rank. As in
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case of complex-valued signaling, we consider the TOP analysis only for K — 1 > 2N,.. For this case, the

post-SINR of WL MMSE takes the form

X S% |(Dl,17|2 > S |(‘Dl;2N7‘|2 (22)
M= = Z 0= .
=1 Ap Tt o Aan, + 5o

Let 4; = S%. If we assume that each user reports the SINR #; instead of actual SINR, the TOP

>\l,2NT+T

can upper bounded as

Pot us, rear = P(max (31,42, .., 41) < B) = FX(B) (23)

‘ 2

where F(8) = P(4; < B) and, F(8) = P (SJ‘Z”$0 < ﬁ). Let \,, = Ao, denote the minimum

Al 2N+
eigenvalue of the WL ICM, and % = |&; 2 Nr|2’ where omitted the dependency on index . Since @; o, ~
N(0, 1), the pdf of # is given by

. 1
p(z) = —e~ ", (24)

T

This pdf differs from the case of complex encoding where we deal with exponential distribution.
Appendix B 1.1

pdf of minimum eigenvalue of a real Wishart matrix: Let us consider the WL ICM: R; = S/ Iogi18!,
where g;; is a real-valued i.i.d. Gaussian random vector: N(O, %I) This matrix is called a real Wishart
matrix [29], denoted as: W, (m, %I), n > m where m = min(2N,, K — 1) and n = max(2N,, K — 1).
Since we are considering the specific case of K — 1 > 2N,, we have: m = 2N,, n = K — 1. The joint
pdf of the ordered eigenvalues My ooy Ay (;\1 > X > > Ay > 0) of W,,(n, 1—201), n > m is given in
[29]. In [23], the pdf of MEV is expressed for the special case of Iy = 2. The pdf for the general case is
obtained by using a transformation: A — % For even values of K, the pdf takes the form

1 iy 8 A\
pAm) = —e 0 a(k)( ’”) (25)

I
k—ko 0

= W The entries in Table I can be used to obtain the values of a(k) for several

where kg
combinations of (n, % + 1). Note that for even values of K, the pdf of the MEV of a real Wishart matrix
has the same form as that of a complex Wishart matrix. However, for odd values of K, the pdf has a

remarkably different form. For the special case of K = 2N, + 1, the pdf is given by

< 1 —mim -1 =1 A
p(Am) = I‘<m+ ) mN e IoA U m_7_’)\_ (26)
2 VT IoAm 2 2" Iy
where the Tricomi function U(a, b, z) is the confluent hypergeometric function
1 o0
Ul(a,b,z) = / e (1)t dt, R(a) > 0. 27)
I'(a) Ji=o
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r(1-b)

Ta—b+1)" For other values

where T'(z) = [;°t*"'e~"dtx > 0 is the gamma function and U (a,b,0) =

of K taking odd values, the pdf can be obtained using the recursive formula given in [23].

Appendix B 2
TOP with real-valued encoding

First, we shall derive an exact expression for the TOP for even values of K. F () is evaluated as

~ I ~ St Ny
F(B) = <55\m+2 <ﬂ> <m>7—7)- (28)

The expression (28) is evaluated by integrating the joint pdf p(\,, %) = p(Am)p(Z) over the shaded area

shown in Fig 1. The area under the region Al is given by

BNg
25 1 . o0 - -
Al = e " d:%/ P(Am) dAm =1-2Q (29)
=0 VTVE Y-
A change of variable £ = % is used arrive at the result and Q(a) = —= f . For even values of

K, the area A2 is evaluated as

A2 = /
2=F2No
25

The integral is evaluated in the Appendix C and the result is given in (56). The TOP is determined as

[ h p(Am) dﬁm] p(3) di. (30)
e

Pout,UB,Real = (Al + A2)L K even. (31)

Appendix B 3

Further Approximations

The TOP expression (31) allows fast and easy numerical computation but it is not in a form convenient
to illustrate the trade-off between the number of required users and associated interference suppression
effects. We present an alternative result using certain approximations. This approach is applicable to both

even and odd values of K. To this end, we evaluate F'(\) as

P(B) =P <sﬁ < 3) - /;:_OP (:v < ﬁ%) pCon) dio. (32)
Consider
Got i)\ _ o O + )
P<:z:<[3 - >_/i_0 et di=1-20 (255 ) (33)
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This expression is not suitable for closed-form evaluation of (32). To arrive at simple expression, the

22 22 . . .
Q-function is approximated as a sum of exponentials as: Q(z) = %6_7 + %6_27. This is tight

approximation for a wide range of values of x [34]. Using this

A + No (Am+ )
P<:E<ﬁ(7;2)> ~ 1-221(@ Zeif g (34)
where ¢1 = 1,¢2 = 2, K1 = 15, K3 = 1. Substituting (34) in (32), we get
. 9o g Omt ) < -
F(B) ~ 1- 221{ / 2P p(Am) A (35)
0

Appendix B 4

Approximations for even values of K

Substituting the pdf p(;\m) given by (25) for even values of K, we get

R 2 Cepho [ Ko oo 1 5, ((2%;“” )~k ~
F(B) = 1-2) Kie % | Y a(k)[ —e INE A, (36)
— - Am=0 1
Lk=ko 0
2 —eipNo ol k!
= 1-2) Kie "5 | Y a(k) = 37)
i kl_k() ((chgloﬂ + m)

(2¢; 8

A change of variable u = Am ( + ) is made on line 1 to arrive at the result. Using (23), the total
number of active users required to meet a given TOP is given by

1n(‘Pout, UB, Real)

L = (38)
N,
In|1- 22?21 Kije P Zk ko a(k )ﬁ
(P22 4m)
ko+1
201',1

In (Pou}: UB, Real) (TOB =+ m)
~ N . (39)

2 Zi:l KiefciﬁTa(ko)kQ!
To arrive at the result, we assume large values for 10’8 , we invoke the approximation In(1 — z) = —z, and

5N,

(K—2N,—2)
2

retained only the term containing k. Substituting, ko = , we get: L ( % + m)

Appendix B 5

Approximations for odd values of K

Evaluation of TOP for odd values of K is considerably more involved. In the following, we provide the
TOP expression for the case of K = 2N, 4+ 1 and for the case of K = 2N, + 3. Results for the general

case of K taking odd values are omitted due to space limitations.
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Appendix B 5.1

Approximations for K = 2N, + 1: Substituting (26) in (35), after simple manipulations we get

F(B) =~ 1—2F(m+1> ZKe Iﬁs/ e " x

(20110 st m)

vl =1 =t Y du. (40)

2 2 , (2Ci10% + m)

Note that, for large values of wu, the integrand takes small values due to the scaling factor e\;;.

it is sufficient to consider the integrand for small to medium values of u. At high SNR, ( takes

u
2cilo 3 +m)

very small values. Under this assumption, and using the result: U (a,b,0) = %, the tricomi function
is approximated as
-1 -1 1 -1 r(3
o — Y zU<—,—,o)_%. 1)

Substituting (41) in (40), after simple manipulations we get

R m+1 3\ < Kie—ciB’®
F(B)~1—2ml (T) r (5) > . (42)

=11 (2 +1) (,/2@10% + m>

Using this
L~ hl(Pout,UB,Real) - ( out, UB, Real) IO% 43
- m+1 3 2 Kteiclﬂ% - omI (1 (3 2 Ktefciﬁ% 43)
In|[1—2mI (T)F(i) Zi:l F(%+1)(\/20i10%+m) m ( ) (5) Zi:l W

where we assume 201-10% +m to take high values and 201-10% > m. In this case, L is directly proportional

to the square root of Iog.

Appendix B 6
TOP for real-valued Encoding K = 2N,. + 3

For K = 2N, + 3, p(An) is given by [23]

- 1 2 ~ —mim ~
pOm) = F(ﬂ) —\Ame T g(An) (a4)
2 ) Rl
where
Sy @ (2w m=1 -1\ Au, [_An m_Hlj‘_m
g()\m) - Lm—1< IO >U< 2 ] 2 9 IO + IO Lm_2 IO U 2 72 (45)

and L™ (—z) = SP_o(p + ) Cp_gat. Substituting (45) in (35) we get
M_/ Ve o B) g5, b 46)
m=0
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Consider

(2@% +m u=0
<%> du (47)
where
U (2) 2u m—1 —1 U
9I\—=——| = Lo\ —|U y 5 (48)
<2ci§+1—”;> 1( 20i%+m> < 2 2 2,12 +m
U 3) 2u m+1 1 U
+ | —— | L) 2| — U =, (49)
<20110ﬁ+ ) 2( 2ci%+m> < 2 72 201-%4_7”
-1 -1
~ L@ ou(Z=— = 0). (50)
2 2
3
The approximation in second line holds for high values of 2¢; % + 2. Since, U (54, 5,0) = & (F éi}l),
and Lﬁ,f)_l(o) = (m+1)Cp—1, we get
u r(3)
p ﬂ> ~ (m+1)Copg— 2 51)
(20i§ + To T 3 + 1)

Substituting (51), and (47) in (46), we get
. Kefciﬁ& * 1
F(B) ~ 1—(m+1)Cp_ 14I‘< >Z / —Vue™ du (52)
i=1 (201106 —|—m) u=
2 eipNo
- 1_(m+1)cm,1fz Kiem? 3 B (53)
(20 o8 +m)

The result on second line is due to [~ %\/Ee_“ du=1,and T (2) = @

K_N,
Now combining the results for odd and even cases, we get: L (% + m) ’ . For g = Nio, for
S = Iy and when % > m, we have: L o« SNR= ~Nr. The sum of outage capacities of K transmitters

employing real-valued encoding is given by
K
C(sum.,Real = ? log(l + ﬂ) (54)

This expression holds when the number of users is sufficiently high.

APPENDIX C
First evaluate area A2a = [5 _sz Mo ) dAm = S0 ma((,cﬁ)l) i, € 't" dt where a change of
variable ¢ = mIAOm is made on line 2 and we define ) = m (ﬁ — éVTf;) Using integration by parts we
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TABLE I

COEFFICIENTS a(k)

m, n a(k)
2,2) [2]

2,3) [0 4/3 8/3]

2,4) [ 0024 16 4]/15

(4.4) [4]

4,5) [0 120 180 72 8 /15

4,6) [0 0 40320 80640 72000 33600 8640 1152 64]/6300

TABLE II

MEAN SuM CAPACITY IN BITS/S/Hz ForR N, =1

Mode L=10,SNR=5 | L=10SNR=30 | L=50, SNR=5 | L =50, SNR =30
SST Complex, K =3 4.75 6.5 6.9 9.5
SST Complex, K =4 4.75 5.5 71 8.5
SST Real, K =3 4.7 11 6.0 12.5
SST Real, K =4 8.35 7.9 6.9 14.9
have: f;oto the=t dt = Z];:o e~ toty(k=p) (kflp)!. Using this

K a(k) k _(mS:f:_
I A
k=ko p=0
where binomial expansion of (SO—E - NT‘;
oo K k 7(711,8:2‘
A2 = / . Z Z IoB
,7 k—k p:()
K k
- z Z T
= Iy
- 1 [e%e] k—p—r—
where D = ﬁfi:%<%+l) wlk—p

mNg
27,

fo—
)m(k—p) l <

__mNg
21

0

r=0

(k=p) k=P

(&)

r=0

(k—p) k—p

3)

r=0

No
2

> (k= p)C, (_—

(

)

—Np
21,

Z(k - p)Cr

S

B

) (&

Iyp

(=) (5

(k—p—r)
> ] ] (55)

(k—p)
) is used. Substituting A2a into (30), we have

St 1

ViV

)(k—P—T)

D

B

)

k—p—r+3%
IoB + 1)

e “du. Using integration by parts, this expression can be

represented in terms of Q-function which is suitable for numerical calculation.
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TABLE III

40

MEAN SuM CAPACITY IN BITS/S/Hz For N, =2

Mode L=50,SNR=5 | L=50, SNR =20
SST Complex, K =3 9.97 214
SST Complex, K =4 10.9 15.84
SST Complex, K =5 10.9 13.66
SST Real, K =3 7.34 19.67
SST Real, K =4 9.2 25.14
SST Real, K =5 10.5 25.97
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